
A Hierarchical Algorithm for Clustering Uncertain Data via an
Information-Theoretic Approach

Francesco Gullo Giovanni Ponti Andrea Tagarelli Sergio Greco

DEIS - University of Calabria
Via P. Bucci 41c, Arcavacata di Rende (CS) I87036, Italy

{fgullo,gponti,tagarelli,greco}@deis.unical.it

Abstract

In recent years there has been a growing interest in clus-
tering uncertain data. In contrast to traditional, “sharp”
data representation models, uncertain data objects can be
represented in terms of an uncertainty region over which a
probability density function (pdf) is defined. In this context,
the focus has been mainly on partitional and density-based
approaches, whereas hierarchical clustering schemes have
drawn less attention.

We propose a centroid-linkage-based agglomerative
hierarchical algorithm for clustering uncertain objects,
named U-AHC. The cluster merging criterion is based on
an information-theoretic measure to compute the distance
between cluster prototypes. These prototypes are repre-
sented as mixture densities that summarize the pdfs of all the
uncertain objects in the clusters. Experiments have shown
that our method outperforms state-of-the-art clustering al-
gorithms from an accuracy viewpoint while achieving rea-
sonably good efficiency.

1. Introduction

Handling uncertainty in data management has been re-
quiring more and more importance in a wide range of ap-
plication contexts. Indeed, data uncertainty naturally arises
from, e.g., implicit randomness in a process of data gen-
eration/acquisition, imprecision in physical measurements,
and data staling. In general, uncertainty can be considered
at table, tuple or attribute level, and is usually specified by
fuzzy models, evidence-oriented models, or probabilistic
models [15].

In this paper, we focus on data containing attribute-level
uncertainty, which can be recognized in several application
domains such as, e.g., biomedical measurement, financial
and market data analysis, sensor networking, motion track-
ing, meteorological forecasting. We hereinafter refer to

attribute-level uncertain data as uncertain objects. An un-
certain object is usually represented by means of probabil-
ity density functions (pdfs), which describe the probability
that the object appears at any position in a multidimensional
space [8, 4], rather than by a traditional vectorial form of
deterministic values.

Dealing with uncertain objects has raised several issues
in data management and knowledge discovery. In particu-
lar, organizing uncertain objects is challenging due to the
intrinsic difficulty underlying the various notions of uncer-
tainty. As a consequence to this challenge, clustering un-
certain objects has been attracting increasing interest in re-
cent years (e.g., [9, 8, 4, 13, 14]). While most existing al-
gorithms for clustering uncertain data differ on the cluster-
ing strategy and the cluster model, the adopted notions of
distance between uncertain objects come into two main ap-
proaches: computing the distance between aggregated val-
ues (e.g., expected values) extracted from the pdfs of the
uncertain objects, or directly comparing the whole pdfs.
However, both approaches have some drawbacks in their
own: the first approach, as stated in, e.g., [7], has an ac-
curacy issue, whereas the second one suffers from slow in-
tegration estimations and/or operations quadratic w.r.t. the
size of the sample lists commonly used to approximate the
pdfs of the uncertain objects. Moreover, traditional mea-
sures for comparing pdfs, such as the Ali-Silvey class of
information-theoretic distance measures [1], cannot be used
to directly define distances for uncertain objects. Indeed,
these information-theoretic measures require that the pdfs
come from random variables defined over a common event
space, i.e., common domain region; unfortunately, the do-
main regions of the pdfs associated to the uncertain objects
usually do not have wide intersections.

We propose a centroid-linkage-based agglomerative hi-
erarchical algorithm for clustering uncertain objects, named
U-AHC. To the best of our knowledge, the proposed al-
gorithm represents the first agglomerative hierarchical ap-
proach to the problem of clustering uncertain objects. In



U-AHC, the cluster merging step is accomplished by a
centroid-linkage criterion [12] which has the following
main features: i) the cluster prototypes (i.e., cluster cen-
troids) are computed as mixture densities that summarize
the pdfs of all the objects in the clusters, and ii) the pair
of closest clusters is chosen according to an information-
theoretic measure that computes the distance between the
cluster prototypes.

The centroid-linkage-based criterion does not require a
notion of distance between the objects to be clustered, un-
like other traditional linkage criteria in agglomerative hi-
erarchical clustering. This allows us to avoid defining a
notion of distance between uncertain objects, which is cru-
cial in uncertainty similarity detection; instead, the adoption
of cluster prototypes as mixture densities enables our algo-
rithm to be equipped with a notion of information-theoretic
distance measure that exploits an advantageous characteris-
tic of the cluster prototypes: the overlaps between the clus-
ter prototypes’ domain regions are generally larger than the
overlaps between the individual objects’ regions.

We have conducted experiments in order to assess ac-
curacy and efficiency of our algorithm, and to compare
it to state-of-the-art methods for clustering uncertain data.
Experimental results have shown that our U-AHC out-
performs existing algorithms from an accuracy viewpoint
while achieving efficiency comparable to density-based al-
gorithms.

2. Related work

One of the earliest attempts to solve the problem of
clustering uncertain data is the partitional algorithm UK-
means [4], which is an adaptation of the popular K-means
designed for handling uncertain objects. UK-means suf-
fers from an expensive computation of the expected dis-
tances (EDs) between uncertain objects and cluster cen-
troids, which is repeated at each iteration of the algorithm.
In order to improve the UK-means efficiency, pruning tech-
niques have been developed to avoid the computation of re-
dundant EDs [13]. Such techniques make use of lower- and
upper-bounds ad-hoc defined for each ED to be calculated.
In [14], the CK-means is proposed as a variant of UK-means
that exploits the moment of inertia of rigid bodies in order
to reduce the execution time needed for computing EDs.

Density-based approaches have been also proposed for
clustering uncertain objects. In [8], the fuzzy version of the
popular DBSCAN, FDBSCAN, uses fuzzy distance func-
tions to compute the core object and reachability probabil-
ities, which are at the basis of the density-based clustering
strategy of the algorithm. A similar approach is presented
in [9], which describes the FOPTICS algorithm. Like the
well-known hierarchical density-based clustering algorithm
OPTICS, FOPTICS produces an augmented ordering of the

objects based on the notion of fuzzy object reachability-
distance; this ordering can be eventually used to derive a
cluster hierarchy.

In contrast to the majority of algorithms for clustering
uncertain objects which are based on partitional or density-
based schemes, it should be noted that there is relatively
poor research on hierarchical clustering of uncertain data.
Moreover, our U-AHC produces a cluster hierarchy, unlike
FOPTICS which outputs a reachability plot. Another im-
portant remark is that U-AHC does not require any input
parameter, such as, e.g., a threshold for the neighbor dis-
tance or the minimum number of points in the object neigh-
borhoods.

3. Clustering uncertain objects

Representing uncertain objects is traditionally accom-
plished by using two types of models, namely multivariate
uncertainty and univariate uncertainty models.

Definition 1 (multivariate uncertain object) A multivari-
ate uncertain object o is a pair (R, f), where R = [l1, u1]×
· · ·× [lm, um] is the m-dimensional region in which o is de-
fined and f : �m → �+

0 is the probability density function
of o at each point �x ∈ R, such that:∫

�x∈R

f(�x)d�x = 1 and
∫

�x∈�m\R

f(�x)d�x = 0

Definition 2 (univariate uncertain object) A univariate
uncertain object o is a tuple (a(1), . . . , a(m)). Each
attribute a(h) is a pair (I(h), f (h)), for each h ∈ [1..m],
where I(h) = [l(h), u(h)] is the interval of definition of a(h),
and f (h) : � → �+

0 is the probability density function that
assigns a probability value to each x ∈ I(h), such that:∫

x∈I(h)

f (h)(x)dx = 1 and
∫

x∈�\I(h)

f (h)(x)dx = 0

3.1. Uncertain prototype

We introduce the notion of uncertain prototype as a new
uncertain object computed from a set of uncertain objects,
which summarizes the features of all the objects in the set.
Basically, an uncertain prototype is represented by mixture
densities from the pdfs associated to each object in the set
to be summarized.

Definition 3 (multivariate uncertain prototype) Let C =
{o1, ..., on} be a set of multivariate uncertain objects,
where oi = (Ri, fi), Ri = [li1 , ui1 ] × . . . × [lim , uim ],
for each i ∈ [1..n]. The multivariate uncertain prototype of
C is a multivariate uncertain object PC = (RC , fC), where

RC =
[

min
i∈[1..n]

li1 , max
i∈[1..n]

ui1

]
×· · ·×

[
min

i∈[1..n]
lim , max

i∈[1..n]
uim

]
,



fC(�x) =
1
n

n∑
i=1

fi(�x)

Definition 4 (univariate uncertain prototype) Let C =
{o1, ..., on} be a set of univariate uncertain objects, where

oi = ((I(1)
i , f

(1)
i ), . . . , (I(m)

i , f
(m)
i )), I

(h)
i = [l(h)

i , u
(h)
i ],

for each h ∈ [1..m], i ∈ [1..n]. The univariate un-
certain prototype of C is a univariate uncertain object
PC = ((I(1)

C , f
(1)
C ), . . . , (I(m)

C , f
(m)
C )) such that, for each

h ∈ [1..m]:

I
(h)
C =

[
min

i∈[1..n]
l
(h)
i , max

i∈[1..n]
u

(h)
i

]
, f

(h)
C (x) =

1
n

n∑
i=1

f
(h)
i (x)

3.2. Distance between uncertain prototypes

To define a distance measure between uncertain proto-
types, we employ a function that exploits the full infor-
mation stored in the pdfs. Two of the most frequently
used distance measures between probability densities are
the Kullback-Leibler divergence [11, 10] and the Cher-
noff distance [5], which fall into the Ali-Silvey class of
information-theoretic distance measures [1]. However, such
distances may be disadvantageous in our setting for a num-
ber of reasons—for instance, the Kullback-Leibler diver-
gence is not symmetric, the Chernoff distance is typically
hard to compute, and both measures do not satisfy the trian-
gle inequality.

Our definition of distance between prototypes exploits
a measure based on the Bhattacharyya coefficient [3, 6],
which is defined as follows:

ρ(p(�x), q(�x)) =
∫

�x∈�m

√
p(�x) q(�x) d�x (1)

The original definition of ρ in [3] has an important geo-
metric interpretation: it can be seen as the cosine between
the two vectors for p and q, whose components are the
square root of the probabilities of the k classes that com-
pose p and q. This interpretation also holds in an extension
of the definition in Equation (1) to use the Bhattacharyya
coefficient for continuous pdfs.

Among the various distance measures that can be defined
based on the Bhattacharyya coefficient [6], in this work we
use the following

B(p(�x), q(�x)) =
√

1 − ρ(p(�x), q(�x)) (2)

which has a number of advantages w.r.t. other Bhat-
tacharyya distances, such as the commonly used −log ρ def-
inition. In particular, the Bhattacharyya distance in Equa-
tion (2) obeys the triangle inequality, ranges within the in-
terval [0, 1] and, unlike the Chernoff distance (which is a
more general case), is easier to compute and satisfies the
additive property even if the random variables are not iden-
tically distributed.

In the following we give our definitions of distance be-
tween uncertain prototypes both for the multivariate and
univariate case.

Definition 5 (multivariate uncertain prototype distance)
Given a set D of multivariate uncertain objects, let
PCi = (RCi , fCi) and PCj = (RCj , fCj ) be the multivariate
uncertain prototypes of the sets Ci, Cj ⊆ D, respectively.
The multivariate uncertain prototype distance between PCi

and PCj is defined as

Δ(PCi ,PCj )=γ Δ′(PCi ,PCj )+(1−γ) Δ′′(PCi ,PCj ) (3)

where
Δ′(PCi ,PCj ) = B(fCi , fCj ),

Δ′′(PCi ,PCj ) =
1

Emax(D)
d(E[fCi ], E[fCj ]),

γ =
V(RCi ∩ RCj )

min{V(RCi),V(RCj )}
In Definition 5, d is a function that measures the distance
between m-dimensional points (e.g., Euclidean norm), E[f ]
denotes the expected value of the pdf f , V(R) is the hyper-
volume of the m-dimensional region R, and Emax is a nor-
malization term, which is defined as:

Emax(D) = max
ou,ov∈D

d(E[fu], E[fv])

It should be noted that Δ ranges within [0, 1], since Δ′ and
Δ′′ range within [0, 1] in turn.

Let us now explain the reasons for introducing Δ′ and
Δ′′ in Equation (3). The Bhattacharyya distance (Equa-
tion (2)) compares two pdfs by considering their portions
defined over a common event space (i.e., common domain
region). Thus, if the event spaces of the two pdfs do not
have any intersection, the Bhattacharyya distance does not
work, i.e., it is always equal to one. Although these cases
are quite infrequent because of the way uncertain proto-
types are defined, we introduce the term Δ′′ in Equation (3)
to discriminate among those cases by considering the dis-
tance between the expected values of the prototype pdfs.
We weight the terms Δ′ and Δ′′ by involving the coefficient
γ ∈ [0, 1], which quantifies the importance of Δ′ and Δ′′

in the definition of Δ. In particular, γ is proportional to the
width of the domain region shared between the prototypes
to be compared. This definition of γ represents a reasonable
choice, since the larger the portion of the pdfs involved into
the Bhattacharyya distance calculation, the smaller the need
for comparing the pdfs by also considering the correspond-
ing expected values, and vice versa.

Definition 6 (univariate uncertain prototype distance)
Given a set D of univariate uncertain objects,
let PCi = ((I(1)

Ci
, f

(1)
Ci

), . . . , (I(m)
Ci

, f
(m)
Ci

)) and



PCj = ((I(1)
Cj

, f
(1)
Cj

), . . . , (I(m)
Cj

, f
(m)
Cj

)) be the univari-
ate uncertain prototypes of the sets Ci, Cj ⊆D, respectively.
The univariate uncertain prototype distance between PCi

and PCj is defined as

Δ(PCi ,PCj ) = fdist(δ(1), . . . , δ(m)) (4)

where δ(h) = γ(h) B(f (h)
Ci

, f
(h)
Cj

)+

+(1 − γ(h))
( 1

E
(h)
max(D)

∣∣∣E
[
f

(h)
Ci

]
− E

[
f

(h)
Cj

]∣∣∣
)

and

γ(h) =
V(I(h)

Ci
∩ I

(h)
Cj

)

min{V(I(h)
Ci

),V(I(h)
Cj

)}
,

E(h)
max(D) = max

ou,ov∈D
|E[f (h)

u ] − E[f (h)
v ]|

for each h ∈ [1..m].

In Equation (4), fdist : �m → � is a function that computes
a scalar value from the components of an m-dimensional
vector. In this work, we define fdist(δ(1), . . . , δ(m)) =√

(1/m)
∑m

h=1 (δ(h))2 .

3.3. The U-AHC algorithm

Algorithm 1 U-AHC
Input: a set of uncertain objects D = {o1, . . . , on}
Output: a set of partitions D

1: C← {{o1}, . . . , {on}}
2: D← {C}
3: repeat
4: let Ci, Cj be the pair of clusters in C such that

1
2
(Δ(PCi∪Cj ,PCi) + Δ(PCi∪Cj ,PCj )) is minimum

5: C← {C ∈ C : C �= Ci, C �= Cj} ∪ {Ci ∪ Cj}
6: D← D ∪ {C}
7: until |C| > 1
8: return D

Algorithm 1 outlines our AHC-based algorithm for clus-
tering uncertain objects, named U-AHC. Given a dataset
D of n uncertain objects, the algorithm follows the clas-
sic AHC scheme to produce a hierarchy of clusters D. The
merge score used to decide for the pair of clusters to be
merged at each step of the U-AHC algorithm (Line 4) em-
ploys the notions of distance between uncertain prototypes
(Definitions 5-6). In particular, for any pair of clusters Ci, Cj

belonging to the current clustering C, we compute the pro-
totype of the cluster given by the union of the objects in Ci

and Cj , and evaluate the uncertain distances between this
prototype and the prototypes of Ci and Cj . We use the mean
of these distances as a merge score, since intuitively the
smaller these distances, the smaller the error of merging Ci

and Cj to form a new cluster.

Table 1. Datasets used in the experiments
dataset objects attributes classes

Iris 150 4 3
Wine 178 13 3
Glass 214 10 6
Ecoli 327 7 5

4. Experimental evaluation
We evaluated effectiveness and efficiency of the U-AHC

algorithm in clustering uncertain data. The experimental
evaluation was also conducted to give a comparison of U-
AHC with existing K-means based algorithms (i.e., UK-
means and CK-means) and density-based algorithms (i.e.,
FDBSCAN and FOPTICS).

4.1. Evaluation methodology

Datasets. We used benchmark datasets available from the
UCI Machine Learning Repository.1 For the main experi-
ments, we selected four datasets with real-value attributes,
namely Iris, Wine, Glass, and Ecoli.

Table 1 shows the main characteristics of the datasets.
Iris contains measurements on different iris plants. Wine
describes results of a chemical analysis of Italian wines de-
rived from three different cultivars. In Glass, each glass
instance is described by the values of its chemical com-
ponents. Ecoli contains data on the Escherichia Coli bac-
terium, which are identified with values coming from dif-
ferent analysis techniques.

All the selected datasets were originally created to con-
tain deterministic values. We synthetically generated uncer-
tainty in the data, obtaining both univariate and multivariate
uncertain objects as follows.

For each univariate object o, we produced the uncertain
interval I(h) and the pdf f (h) defined over I(h), for each
attribute a(h), with h ∈ [1..m]. The interval I(h) was
randomly chosen as a subinterval within [minoh

, maxoh
],

where minoh
(resp. maxoh

) is the minimum (resp. maxi-
mum) deterministic value of the h-th attribute, over all the
objects belonging to the same ideal class of o. As concerns
f (h), we considered Uniform, Normal and Gamma pdfs.
We set the parameters of Normal and Gamma pdfs in such a
way that their mode corresponded to the deterministic value
of the h-th attribute of object o.

For multivariate objects o, the uncertainty region R was
defined as the product of the intervals randomly generated
for each attribute of o. For the sake of brevity, we shall
present results obtained using univariate models, neverthe-
less the relative performances of the algorithms were con-
firmed in the multivariate settings.

Clustering validity criteria. To assess the quality of clus-
tering solutions we exploited the availability of reference

1http://archive.ics.uci.edu/ml/



Table 2. Accuracy results (F-measure) for uni-
variate models

dataset pdf UK-means CK-means FDBSCAN FOPTICS U-AHC
Uniform 0.93 0.92 0.92 0.92 0.93

Iris Normal 0.84 0.85 0.90 0.90 0.92
Gamma 0.60 0.50 0.79 0.77 0.87
Uniform 0.75 0.76 0.65 0.68 1

Wine Normal 0.70 0.71 0.77 0.76 0.89
Gamma 0.67 0.58 0.64 0.64 0.73
Uniform 0.55 0.69 0.43 0.47 0.81

Glass Normal 0.58 0.55 0.60 0.61 0.83
Gamma 0.46 0.51 0.62 0.64 0.92
Uniform 0.39 0.40 0.48 0.51 0.79

Ecoli Normal 0.73 0.74 0.68 0.68 0.83
Gamma 0.48 0.41 0.47 0.47 0.83

avg. score 0.64 0.635 0.663 0.67 0.863
avg. gain 22.25% 22.75% 20% 19.17% –

classifications for the datasets. The objective was to evalu-
ate how well a clustering fits a predefined scheme of known
classes (natural clusters). To this purpose, we resorted to the
well-known F-measure [16] (ranging within [0, 1]), which
is defined as the harmonic mean of the total precision and
recall values, which in turn are computed by averaging over
the classes the values of precision and recall obtained for
each pair cluster-class.

Settings of the clustering methods. In UK-means and
CK-means, the resulting accuracy and efficiency measure-
ments were averaged over 100 different runs, in order to
avoid that clustering results were biased by random chance
due to the initial centroid selection.

We performed a tuning phase for the parameters ε (i.e.,
the threshold for the distance of the neighbors of an ob-
ject) and μ (i.e., the minimum number of points within the
neighborhood of an object) required by FDBSCAN and
FOPTICS. We set these parameters to the values that al-
lowed each method to achieve the best accuracy results.

For our U-AHC and FOPTICS, we also needed for se-
lecting a partition of appropriate size from the clustering
solution obtained by each of these methods. In case of U-
AHC, which directly produces a cluster hierarchy, we cut
the solution at the level corresponding to the number of out-
put clusters equal to the number of ideal classes for each
dataset. For FOPTICS, we further derived a cluster hierar-
chy by exploiting the method defined in [2].

We computed the integrals involved into the distance cal-
culation by taking into account lists of samples derived from
the pdfs. To this purpose, we employed the classic Monte
Carlo sampling method.2 We also performed a prelimi-
nary tuning phase to properly set the number of samples s
for accuracy evaluation; in particular, for each method and
dataset, we chose s in such a way that there was no signifi-
cant improvement in accuracy for any s′ > s.

2We used the SSJ library at http://www.iro.umontreal.ca/∼simardr/ssj/

4.2. Results

Accuracy. Table 2 summarizes the F-measure results ob-
tained by U-AHC and the other methods on the various
datasets, for the univariate models. In the table, the last two
rows contain, respectively, the average F-measure score ob-
tained by each method and the average percentage gain (in
terms of quality) of U-AHC in relation to each method.

Overall, U-AHC outperformed the other methods with
average gains from 19% (FOPTICS) to about 23% (CK-
means). Looking at the performances on each dataset, U-
AHC achieved the following maximum quality improve-
ments (i.e., gains w.r.t. the relative worst methods): from
1% (Iris) to 40% (Ecoli), for Binomial pdfs; from 8% (Iris)
to 28% (Glass), for Normal pdfs; from 15% (Wine) to 46%
(Glass), for Gamma pdfs. Also, U-AHC achieved the fol-
lowing minimum quality improvements (i.e., gains w.r.t. the
relative best methods): from 0% (Iris) to 28% (Ecoli), for
Binomial pdfs; from 2% (Iris) to 22% (Glass), for Normal
pdfs; from 6% (Wine) to 35% (Ecoli), for Gamma pdfs.

As far as the competing methods, we observed the better
performance of the two density-based algorithms w.r.t. the
K-means based algorithms, which is about 3%. It should be
also noted that FOPTICS and FDBSCAN behaved closely
each other, as well as UK-means and CK-means; actually,
this was not surprising since the two couples of algorithms
relatively employ similar clustering schemes.

Efficiency. We measured the runtime behaviors of U-
AHC and the competing methods.3 Figure 1 shows the total
execution times (in milliseconds) obtained by the various
methods on all the datasets. In the figure, we can see that
our U-AHC performed one order of magnitude faster than
UK-means on average. UK-means was the slowest method
on all the datasets, which can be explained by the fact that
each iteration of UK-means requires the EDs computation
for all the objects in the dataset.

In general, the performances of CK-means, FDBSCAN,
FOPTICS and our U-AHC followed the corresponding
computational complexities, i.e., O(s n) for CK-means,
O(n2) for FDBSCAN, and O(s n2) for FOPTICS and
our U-AHC. Indeed, CK-means outperformed all the other
methods on all the datasets, with a significant gain w.r.t.
UK-means mainly due to the optimization employed for the
EDs calculation. However, the CK-means algorithm is less
general than the other methods, as it works only if the mean
squared error for the definition of the EDs is used and the
distance function is based on the Euclidean norm.

The performances of FDBSCAN, FOPTICS and our U-
AHC showed to be comparable, with FDBSCAN slightly
better than U-AHC, and U-AHC better than FOPTICS in

3Experiments were conducted on a platform Intel Pentium IV 3GHz
with 2GB memory and running Microsoft WinXP Pro
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Figure 1. Clustering time performances

turn. We also observed that the relative performance be-
tween U-AHC and FOPTICS, and between FDBSCAN
and U-AHC did not substantially vary with the dataset.

5. Conclusion

We have studied the problem of clustering uncertain data
and proposed U-AHC, a centroid-linkage-based agglomer-
ative hierarchical algorithm. According to univariate and
multivariate uncertainty models, we have introduced a no-
tion of uncertain (cluster) prototype which is based on mix-
ture densities from the pdfs associated to the objects be-
longing to a cluster. The cluster merging criterion in U-
AHC exploits a new information-theoretic-based distance
between uncertain prototypes. Our U-AHC has shown to
outperform other existing methods in terms of accuracy, re-
gardless of the choice of uncertainty density function. Also,
from an efficiency viewpoint, U-AHC performs comparably
to density-based clustering algorithms.

References

[1] S. M. Ali and S. D. Silvey. A General Class of Coefficients
of Divergence of One Distribution from Another. J. Roy.
Stat. Soc., 28(1):131–142, 1966.

[2] M. Ankerst, M. M. Breunig, H. P. Kriegel, and J. Sander.
OPTICS: Ordering Points To Identify the Clustering Struc-
ture. In Proc. ACM SIGMOD Conf., pages 49–60, 1999.

[3] A. Bhattacharyya. On a Measure of Divergence Between
Two Statistical Populations Defined by their Probability Dis-
tributions. Bull. Calcutta Math. Soc., 35:99–110, 1943.

[4] M. Chau, R. Cheng, B. Kao, and J. Ng. Uncertain Data
Mining: An Example in Clustering Location Data. In Proc.
PAKDD Conf., pages 199–204, 2006.

[5] H. Chernoff. A Measure of Asymptotic Efficiency for Tests
of a Hypothesis Based on the sum of Observations. Ann.
Math. Stat., 23(4):493–507, 1952.

[6] T. Kailath. The Divergence and Bhattacharyya Distance
Measures in Signal Selection. IEEE Trans. on Comm. Tech.,
15(1):52–60, 1967.

[7] H. P. Kriegel, P. Kunath, M. Pfeifle, and M. Renz. Approxi-
mated Clustering of Distributed High-Dimensional Data. In
Proc. PAKDD Conf., pages 432–441, 2005.

[8] H. P. Kriegel and M. Pfeifle. Density-Based Clustering of
Uncertain Data. In Proc. ACM SIGKDD Conf., pages 672–
677, 2005.

[9] H. P. Kriegel and M. Pfeifle. Hierarchical Density-Based
Clustering of Uncertain Data. In Proc. IEEE ICDM Conf.,
pages 689–692, 2005.

[10] S. Kullback. Information theory and statistics. Wiley, 1959.
[11] S. Kullback and R. A. Leibler. On Information and Suffi-

ciency. Ann. Math. Stat., 22(1):79–86, 1951.
[12] F. Murtagh. A survey of recent advances in hierarchical clus-

tering algorithm. The Computer Journal, 26(4):354–359,
1983.

[13] W. K. Ngai, B. Kao, C. K. Chui, R. Cheng, M. Chau, and
K. Y. Yip. Efficient Clustering of Uncertain Data. In Proc.
IEEE ICDM Conf., pages 436–445, 2006.

[14] S. D. Lee and B. Kao and R. Cheng. Reducing UK-means to
K-means. In Proc. IEEE ICDM Workshops, pages 483–488,
2007.

[15] Y. Tao, X. Xiao, and R. Cheng. Range Search on Multidi-
mensional Uncertain Data. ACM TODS, 32(3):15–62, 2007.

[16] C. J. van Rijsbergen. Information Retrieval. Butterworths,
1979.



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSansMM
    /AdobeSerifMM
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /AharoniBold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellGothicStd-Black
    /BellGothicStd-Bold
    /BellGothicStd-Light
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /CMB10
    /CMBSY10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /CMBX10
    /CMBX12
    /CMBX5
    /CMBX6
    /CMBX7
    /CMBX8
    /CMBX9
    /CMBXSL10
    /CMBXTI10
    /CMCSC10
    /CMCSC8
    /CMCSC9
    /CMDUNH10
    /CMEX10
    /CMEX7
    /CMEX8
    /CMEX9
    /CMFF10
    /CMFI10
    /CMFIB8
    /CMINCH
    /CMITT10
    /CMMI10
    /CMMI12
    /CMMI5
    /CMMI6
    /CMMI7
    /CMMI8
    /CMMI9
    /CMMIB10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /CMR10
    /CMR12
    /CMR17
    /CMR5
    /CMR6
    /CMR7
    /CMR8
    /CMR9
    /CMSL10
    /CMSL12
    /CMSL8
    /CMSL9
    /CMSLTT10
    /CMSS10
    /CMSS12
    /CMSS17
    /CMSS8
    /CMSS9
    /CMSSBX10
    /CMSSDC10
    /CMSSI10
    /CMSSI12
    /CMSSI17
    /CMSSI8
    /CMSSI9
    /CMSSQ8
    /CMSSQI8
    /CMSY10
    /CMSY5
    /CMSY6
    /CMSY7
    /CMSY8
    /CMSY9
    /CMTCSC10
    /CMTEX10
    /CMTEX8
    /CMTEX9
    /CMTI10
    /CMTI12
    /CMTI7
    /CMTI8
    /CMTI9
    /CMTT10
    /CMTT12
    /CMTT8
    /CMTT9
    /CMU10
    /CMVTT10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /David-Bold
    /David-Reg
    /DavidTransparent
    /Desdemona
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DomCasual
    /Dotum
    /DotumChe
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /EUFB5
    /EUFB7
    /EUFM10
    /EUFM5
    /EUFM7
    /EURB10
    /EURB5
    /EURB7
    /EURM10
    /EURM5
    /EURM7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EuroSig
    /EUSB10
    /EUSB5
    /EUSB7
    /EUSM10
    /EUSM5
    /EUSM7
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPC-Bold
    /JasmineUPC-BoldItalic
    /JasmineUPC-Italic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /Kartika
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPC-Bold
    /KodchiangUPC-BoldItalic
    /KodchiangUPC-Italic
    /KorinnaITCbyBT-Regular
    /KozGoProVI-Medium
    /KozMinProVI-Regular
    /KristenITC-Regular
    /KunstlerScript
    /Latha
    /LatinWide
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LetterGothicStd
    /LetterGothicStd-Bold
    /LetterGothicStd-BoldSlanted
    /LetterGothicStd-Slanted
    /LevenimMT
    /LevenimMTBold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Lithos-Black
    /Lithos-Regular
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /Mangal-Regular
    /Map-Symbols
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftSansSerif
    /MingLiU
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /MinionPro-Semibold
    /MinionPro-SemiboldIt
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MonotypeSorts
    /MSAM10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /Myriad-Bold
    /Myriad-BoldItalic
    /Myriad-Italic
    /MyriadPro-Black
    /MyriadPro-BlackIt
    /MyriadPro-Bold
    /MyriadPro-BoldIt
    /MyriadPro-It
    /MyriadPro-Light
    /MyriadPro-LightIt
    /MyriadPro-Regular
    /MyriadPro-Semibold
    /MyriadPro-SemiboldIt
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /Playbill
    /PMingLiU
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SimHei
    /SimSun
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalItalic
    /TechnicalPlain
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e5c4f5e55663e793a3001901a8fc775355b5090ae4ef653d190014ee553ca901a8fc756e072797f5153d15e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc87a25e55986f793a3001901a904e96fb5b5090f54ef650b390014ee553ca57287db2969b7db28def4e0a767c5e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020d654ba740020d45cc2dc002c0020c804c7900020ba54c77c002c0020c778d130b137c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor weergave op een beeldscherm, e-mail en internet. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for on-screen display, e-mail, and the Internet.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing false
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


